Media shapes behaviours - Behaviour shapes space

“It’s going to rain tonight.”
“It’s raining now,” I said.
“The radio said tonight.”

—Don DelLillo, White Noise (1984)
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Why we need big data?

Why we need social media data?
Why we need behavioural data?
Why we need users’ insights?



Sidewalk Lab on Freakonomics Radio 2018 /09

“.1t's Vg B peinn il old cities for the

21st century.”’

The Sntigedainy solution
iCAflleave the existing city

This is far from SDGs

SPIN|:
UNITI:



Retrofitting contemporary cities

SuperPHYSICAL SuperDIGITAL
Difficult to achieve SDGs Difficult to develop human capital
Infrastructures bring people together with Lack of interesting urban environment makes it
high costs for the environment difficult to attract skilled-visionary people

(al-falfat=lat—da—lal—n—



& A study from Duke Unlver51ty estlmated that hablts shape
45 ' ercent of the dall ch01ces we make



70% of millennials
favour experience over
ownership

(Harris 2018)

Only 9% of 18 years old

were getting a driver license
(In Stockholm, 2018)

We increasingly value People will prefer PT and Daily travel time will Private vehicles
time spent using smart self-driving vehicles in increase up to 90min  used less than 4% of
phones and laptops order to use their devices per day their life-time

while moving
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Experience, Experience, Experience

Supplying a service universally

5min walk from transport

Bolt (Uber) pick up locations

Map  Satellite ;"%

Mariime museum @
et B

o8,
L
3 % -Rannam
¥ Oleviste kbgudy
L

AT
o Pag!;hdHearden
irepark

.1 Okupatsioohid
Javabaduse muuseum.

b

KESKLINN- #5774



Experience first

Corporate learnt the lessons, city can take actions

Apple taptic engine
— N : Produces vibrations and

‘ feedback to provide the
experience of wearing a watch




Data collection process

Data mining
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From big-data to

[t doesn’'t matter
how much data you have

Context-rich data brought to light using qualitative,

if it dO e Sn,t matter ethnographic research methods and analysis that

uncover people’s emotions, desires, and mental

tO people models of their world.



T0 FORM A COMPLETE PICTURE, BOTH BIG AND THICK DATA ARE CRITICAL BECAUSE THEY
PRODUCE DIFFERENT TYPES OF INSIGHTS AT VARYING SCALES AND DEPTHS

Ao...

-.-.+.~ BIG DATA
* INSIGHTS FROM THE SCALE OF

. .
o o o COLLECTED DATAPOINTS (LARGE
- .. wm

INSIGHTS FROM THE DEPTH
OF STORIES (SMALL SAMPLE)

DEPTH OF INSIGHTS @TRICIAWANG



Data Analysis

Output value

Data viz

Man hours



Bridging the Relevance Gap

How far we are from collecting data that is socially relevant

FORMAL DATA

WHAT PLANNERS SEE

NAT. DATABASE OF BUSINESSES

et Nyl Y .f-é: ®
Technocratic and normative relevance

~ L ossa® 0e¥ | P
° e 4
’:ﬁ““ﬂ'} O

INFORMAL DATA

WHAT PEOPLE DO

FOURSQUARE VENUES

o &

=
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Qualitative
data can be big

Free forms
reveal true
insights

N ) \ N\=2\§
e 1/6 Which routes do

Hietanis
haut

around the city?

Lapinlahti

of ot
5 form of transport
A route | use eg. to school, work or when
doing errands.
#
— ”K;WM; Arecreational walk
4 Ruoholahti = A walk | take when going e.g. on a walk in the
Qﬁ — (TAMERENKATUZ (o < city centre, to spend time outside or just to
% “Ruoholahti H el e
b o e et e

Konservatorio

along or near the route.

o
\ e Highlight of the route
A Wh the your route?
o \\
mw"““ Ja/lkas;:fn
=

» Q"», A place that makes you stop
fos “% Is there a place along your route that makes

" you spend a little time there?

‘An unpleasant place along the route
Think of for example places that you want to
N avoid or go around along your route.

@ maptionnaire

" you use when walking

K
=
R =
\
N\~
-
AN
o md o

L

Mark the routes you have drawn with places that you
consider especially pleasant and those that make you
stop. Mark also those places that you find unpleasant

L

Kluuvi

Keskusta=—
2

M

elsinki

Esplanadinpuisto

Vaoha
Kirkkopuisto

Kaartinkaupunki

& \ \ Kaartin kasrmi

\ \;
N\ \
Tahtitornin vuori.
Kirurginen
Woor! sairaala
5O \ = L e
o Viiskulma, ot s
S JAAKARINKATU, /I
> : I
3 > 4 =
o 5\ S
o Tehtaanpusstd N =
Ullanlinna? -
!
Elran sacasta
z
2 Kaivopuisto.

: 3 Kaivopuisto

ira s
K%

Ursinin Kallio



Pictures: 1) recreational walks 2) walking instead of taking some other form of
transportation

@ maptionnaire



Valorise the

for cultural programs

Develop the vicval identity of the city!




-




7 Iy

/

Municipalities are more trusted than the
central government because they appear to
have more data to inform local policy, which

directly affects the lives of their citizens.
Gallup 2019
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Ethics, regulations etc



Step 1 - Scientific method

integrity, meticulousness, and accuracy
in conducting research

recording, presenting, and evaluating
the research results.



Step 2 - Publish

Rule of thumb: if you can share it publicly you are good to go

The methods applied for data acquisition as well as for
research and evaluation, conform to scientific criteria.

Publish research results, the results are
communicated in a simple and clear fashion

SPIN presents projects at local conferences



Step 3 - Limit data collection

How many dataset you collected and didn't use?



Step 4 - Ethical commission

Write and publish your ethical protocol.

Form an internal commission that checks every
project’s data sources before starting to collect

Clear obligations, principles concerning authorship,
and questions concerning archiving and accessing the
data.



Step 5 - Financing
Rule of thumb: if you can publicly tell the financer you are
good to go

Otherwise check for conflicts of interest or other
commitments relevant to the conduct of research



The need for ethics is essential as bias Future of Information and Communications Conference (FICC) 2019
can be found in the data collection 14-15 March 2019 | San Francisco
phase of big data, analysis phase, and

insight phase. Four Aspects of Big Data Ethics

Releasing data gained through
analytics, whether it is technically
correct or not, could result in a
company’s loss of their reputation,
create competitive weakness, or
possibly result in legal sanctions [1]. Big
data and analytics extend well beyond
organizational benefits, Gartner [1]
predicts that by 2019, big data analytics
will cause half of all business violation
ethics.

Figure 4, Balancing Ethics as presented by Davis [12]
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Empowered lives.
Resilient nations.

#NextGenUNDP empowered by data

uld shape the way we approach data innovation at UNDP

DATA TRIANGULATION otk e
m'(,:“,‘i; ‘ .’:VK‘;‘ J‘ . \ . westments instead of one-off data training
SOLUTION-ORIENTATION DATA-SHARING
» data analytics to (dentity and scale Explore Innovative data-sharing
locally-sourced solations mechanisms beyond open v
DEMAND-CENTERED @ @ sy .
rmi “1 ’\L ' “lj [ ‘ "" ndioc
EMPOWERMENT
1 (Ne collection and use of daia




Principles for [ERL:ELIGAVLI I AN RTo] 1] 1] e

Citizen perspective should be in the center
of the design of new initiatives and
development.

Meaningful initiatives should respect and be
built on the value of trust.

cn
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DEMOS
HELSINK

Digital cities should allow every citizen with
different capabilities to participate. Nordic
digital cities are shaped so that no one is
discriminated.

New forms of participation, in tandem with
traditional democratic processes, increase the
willingness to participate and grow the
legitimacy of the cities.



(EU) 2016,/679 (GDPR)

our experience

e You must have given consent to the collection and processing of
personal data;

Fulfill the agreement with the data subject;

Protect the interests of the data subject, use data for good;

Data analuysis for the public interest and social good;

Aleays work according to the Charter of Fundamental Rights.

Many are starting to adopt it: Japan, Brazil, South Korea, Argentina



(EU) 2016,/679 (GDPR)

our experience

Name a Data Protection Office

Somebody in your company who is aknoledged of the regulatory
framework and gives advices at the beginning of each project to each team

that is running it

Many are starting to adopt it: Japan, Brazil, South Korea, Argentina



Privacy shield... not really.

If personal information is part of the game,
keep users’ contacts and set up a framework to
promptly erase their data or provide a copy

o Access

o FErase
If somebody in your team has acquired some
data, it must be reported within 72 hours
Protocol everything! Even when if you share
data from one team to another and expecially
international consultans

Obtain a dataset that is
already anonymised,
don’t do it yourself



Privacy shield... not really.

Obtain agreement for processing and Al (some

might be ok with data collection but not with

automated decision making)

Protocol each data processing activity (DP Paper)  Obtain a dataset that is
o  Who, Why, What, When, How already anonymised,

don’t do it yourself

o Data Input
o Data Output
o Visual Output

Use

Statistical and scientific analysis are not covered by

the regulation



Anonymous may not be enough

e Mora than one elements to profile user
o Location
o A series of geolocated traces
o A picture of him /her
o Purchasing behaviours



Data is the new oil

Don't waste it or use more than you need

Limit extraction and processing

The more it's processes the less valuable is the result
Storage is risky and expensive

Defend it



Even though you have legal permission for data
retrieval and analysis
when it contains personal information it is still
relevant to raise the ethical issues of mining massive
amounts of data designed to be personally identifiable.



Community rules

Instagram, Facebook, Foursqure, VK etc.

The:{:Moscow Times

INDEPENDENT NEWS FROM RUSSIA

= NEWS OPINION BUSINESS MEANWHILE ARTSANDLIFE PODCASTS VIDEOS IN-DEPTH MOSCOWLIVING

Russian Social Network Vkontakte
Sues Data Mining Companies

Double Data collects information on
users’ place of work, study, and friends
from their social media page in a bid to
compile a credit history, according to
court documents. The company mines
this publicly-available data without
permission from Vkontakte or the
users’ themselves.

Vkontakte claims that Double Data’s
work slows the speed of their site, and
is demanding symbolic compensation
of one ruble (50.02).



Start from well established definitions,
theories or approaches that many
recognize




Small blocks




Liveliness: Average time per week when
street venues are used by visitors

[iveliness

0 1 2 km



G e h 1 Optional activities

Taking a walk by the river,
jogging in the park, sun

Necessary activities
Going to work, to school,
doing the groceries

bathing, eating out

T et e - Wi R | ¥
LX) ' 4 -
1L i1 - L B A ll!l i

Optional Optional Optional Optional Optional Optional Optional Optional Optional
Optional Optional Optional Optional Optional Optional Optional Optional

fat—fatatAfadaldn

M OarerNr -, "4

LA

Optional Optional Optional Optional Necessary Optional Necessary Optional ptional / Necessary Optional Necessary

Necessary oOptional Optional Necessary Necessary Optional Optional Optional Optional Optional
Necessary



College Classroom§

Playgroundll |

Salon / Barbershogdl
School il

Café il

Park B
Neighborhoodl
Other Great Outdoor8
Bus Line &
motive Shop
Daycare ®
Bar m

~ Parkingm
Pizza Féace u

m=
Grgce St)slarel
E

Don’t map people’s activities but
the location for activities

Ehcihaces
Assi tesd Pvm =
rniture orine tore
ousing Oea e

Optional

Hi ogc BnE
Confer nca gn?"-.
g
i ug
Hardwa %%q

e
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X

€
otg
an
Tai
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Necessary

Food 4
N
Tourist {#

Foursqure / Google Places







City of Tallinn

Most densely populated area offers minimal diversity of services
Moderns planning favours one big shop than many and diverse

Population in 01.06.2018 visualized on 50x50 m GRID Shannon-Wiener Index of Complexity on 50x50 m GRID

Population density Diversity of services



Lisbon Amsterdam

Stockholm




Monitoring drivers of urbanisation

HEL April __ _HEL Sept Hel /pop Stockholm Stock /pop Copenhagen Cop /pop
Food 7,94 6,53 4,0 8,33 4,3 8,50 53
——
Coffee 4.75 4,67 2,9 4,46 23 5,27 33
Art + Entert 7.56 7,54 4,6 7,14 307 7,89 4,9
Supermarket 2.57 2021 1.4 4,23 2,2 3,50 2,2
Food/Drink store 4,57 4,36 2,7 5,53 2,8 5,69 3,6
Bars and clubs 7.65 7,65 4,7 6,86 3,5 7.82 4,9
Shop + service 8.59 8,60 53 8,23 4.2 8,61 5,4
Clothing 5.81 5,82 3,6 5,94 3,0 6,58 4,1
Sport centres 7.20 7,27 4,5 6,61 3,4 6,95 4,3
Spiritual centres 5.83 5,84 3,6 5.7 2,9 6,09 3.8

NATIONAL AVERAGE

Finland /pop Sweden  /pop
Food 9,63 6.4 9,93 5,0
Coffee 5,95 4,0 5,84 2,9
Art + Entert 9,42 6,3 9,21 4,6
Supermarket 3,64 2,4 4,88 2,5
Food/Drink store 5,83 3,9 7.00 3.5
Bars and clubs 10,06 6,7 8,81 4,4
Shop + service 9,89 6,6 9,56 4,8
Clothing 6,59 4,4 7,00 35
Sport centres 8,83 5,9 8,53 4,3
Spiritual centres 7,70 il i7:93 4,0




Tells about our
changing

preferences withou
personal data

t

\wkurila

The bigger the dot
The bigger the attraction

In blue, hubs where social
activities are more popular
than transit

— Nutrition is
the dominant

4 secondary
’ category

Hubs are classified either

as ‘mobility’ or ‘social hubs’ Education
according to the most 1S the least
recurrent activity. popular ’

\ activity
Mobility hub O ’: \ Social hub

@ Mobility @ Social/leisure @ Income Nutrition @ Education @ Civic @ Consumption @ Health



The goal of urban
planning

Benjamin Horne
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& ou don t always need socml medla

Pedestrian and bicycle surfaces
Other drivable surfaces not streets (parkings, etc)




There is twice the space for cars than for
living and working

Kristiine Mustamae

Kadaka Mustamée Séidse Siili
Jérve Lillekiila Tondi
\ Measure Names

. Parking places area (20m?/pp)
. Parking places area (25m?/pp)

. Parking places area (30m?/pp)

‘ . Parking places area (40m?/pp) ‘
‘ Street network (m?)
| | Pedestrian area (m?)
Living (m?)
| Office (m?) '
: ‘ . Commercial and service (m?)

| Entertainment, education, health a.. ‘

‘ Industrial and warehouse (m?) "
|
|

SPIN| |
3



Don't use users’ insights for users’ behavioural nudges
(manipulating)

Use user’s insights to profile space.



Avg. % Sitting

e Aggregate anonymous data to make it private
e Don't aggregate different data traits of a single user to avoid

profiling

Compare one users’ insight with one environmental index at the time

Hard to find sitting space (80% full),

80

60

40

20

0/
Center direction
Ulemiste direction

bl -
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<10% Using tram
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S P I N a CtiVi ty Wh e el (Cerrone, Lopez, Lehtovuori; 2018)

Categorising data for human experience

Chapin and Brail (1969)
Work related; Socializing; Home working;

UN Habitat
education, health, culture, welfare,
recreation, nutrition
Recreation/relaxation
Foursquare
Gehl (1971) Food, Work, Shops, Travel, College,
Necessary; Optional; Social . . Arts, Nightlife, Park

Francis (1991) USA Energy admin
Travel; Shopping; Interaction Office; Warehouse and storage;
Service; Mercantile; Religious
worship; Education; Food service;
Food sales; Public assembly;

Simon (2000)
Movement; Rest; Encounter
Lodging; Health care; Public order
Gehl (2002) and safety
Traffic; Commercial; Leisure
Ben-Akiva and Bowman, 1998
Mehta (2006) Home. Work. School, Transportation
Stationary and sustained activities; and transitions, Shopping/errands,
E

Lingering activities; Social activities Personal business, Recreation/
ntertainment, Civic/religious, Other



ImageTagger

Subject
PERSOH SGROUP EVEHT LAHDSC AD SCREENSH  ARCH INTERIOR PET
Selfie
SELFIE
Feeling
UNSAFE NEUTRAL ENJ_URB EHJ_HAT
Youth
YOUTH KID
Space
INDOOF: OUTDOOR
Indoor
PRIVATE PUBLIC
Gender
MALE FEMALE EQUAL
Activity
IHCOME HUTRITION MOBILITY EDUCATION  CIVIC LEISURE SOCIAL COHSUMP PERS_CARE TRKE_CARE
Event
PUE PRIV

Foreigner
FOREIGH

FEAR TRUST DIsG SURPR AHTICIP

e Erase UDI and use Picture ID instead

e Surveyors and data analyst should not be capable to be aware to know if two different
images belong to the same user

e Each surveyor studies 200 pictures at the time. A script produce the subset randomly so that
one surveyor doesn’'t have consecutive pictures from the same user
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AIKOVON | VIUKIVIANOK KEUIOIN

QUICK FACTS
1931 267K 28,52K 4% 54 745 oo
Establishement Population Population Unemployment Average salary
2016 2010 2015 2015
Activities manually tagged Activities machine learning Quality of place
Leisure Enjoyable
. Self
Eating 33
Actviy
u
Personal care
18%
Social i
2% Shows - "
21% et
3%
Picture subject Indoor/Outdoor Youth & Families with kids
indoor
e
o
21
ACTIVITY
[
erso = City’s most activy and attractive places
2% Outdoo Kids

SYNTHESIS UNDERUSED PLACES INTENSITY OF USE



Deduced by the variety of

s : , Observed by digital anthropologists,
activities, not user’s experiences

not from user’s texts and comments

ooy — QUALITY OF LIFE "o QUALITY OF PLACE
Naberezhnye Chelny IS Kirovsk
o
L‘;‘:Z:; — One of our main challenges was understanding the Niw":l“ The graph show the amount enjoyable place against
Belaya Kholunitsa I S— quality of life in the 32 cities without having any eco- g the amount of neutral places found in each city. The
Kameshkovo SN nomic or demographic indicator to start with. There- Svetiogorye higher one city is represented in this graph, the more
Suvorov S fore we conceptualized a measure of the quality of life Gorokhovets quality spaces it offers.
Sevecodvinek: I according to the number of activities occurring in one Tutayev
Zarinsk IE— city and their distribution. So one city offers a better i 5":"'“"'"*
Volodarsk I— quality of life not only when there are many activities e “:uz""a
but when these are more evenly distributed. Keirisshiooio
EN::r::k I Petrovs
- sis
N:v;ok’; —— The graphs show, from top to bottom, the cities with a Kanash
Kiselevsk I—— higher number of activities that are also more evenly Sarapul
Kolchugino distributed. Kaspiysk
Pikalyovo [ P“;m
g
G"’“‘g‘m‘z S— The more one city is at the top, the more vibrant and Kolchugino
——
Kaspiysk EE—— various is its life. Gukovo
Sarapul I Volodarsk
Chapayevsk [ (Number of activities/(max number of activities between al cities) x (max Kumertau
Sokol variance of activities values for all cities)/{variance of the activities values of Zarinsk
Petrovsk I one city) P
Nadvoitsy S Krasnoturyinsk
Kirovsk I Sokol
Luza I Naberezhnye Chelny
Karachev Novotroitsk
Miass I Kiselevsk
Baykalsk I— Chapayevsk ?
Svetiogorye I Karachev enjoyable
Belebey netural

SPIN
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High mty Space is profiled and
SUPPORTING USERS PLACE-SHAPING Space iS desi gned
INTENSIFYING IMPROVING EXISTING SITUATION
High intensity
Low intensity
PLACE-MAKING THEMATIC DEVELOPMENT
NEW URBAN PROJECTS GRAFTING
Low mixity

FIFA 2018
STRELKA KB
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Cultural branding
Collective landscape of the city




Industrial /anc/fca,be
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Cultural landscape






Helsinki

Vantaa
6Aika Espoo
WHAT IS 6AIKA? v PROJECTS RESULTS SIX CITIES v Tamp ere
Turku
Oulu
Leverage from :* : *** sime
Smart Cities R O3siite
Work Together the E U European Union ®%%
20142020 gl oo
Using open data to establish a dominant position in Global Data Index
sustainable urban development, connectivity and Finland is 5th in the world
governance 6Aika are the top 6 cities in Finland

City’s networks generate self-reinforcing loops of
data production and management



) GEOGRAPHICAL COVERAGE

Helsinki - Espoo EELSINKI % Vantaa - Kauniainen ='_—f' ; E =

GION - HELSINKI (446) £

VANTAA (217)

ESPOO (202)
PAAKAUPUNKISEUTU (133)

Open data service

Making better'use of public data in the Helsinki region HELSINGIN SEUTU (82)

KIRKKONUMMI (71)

KERAVA (69)

SIPOO (64)

HYVINKAA (57
629 244 7)

A SHOW MORE
Datasets Applications

257 layers only for the built environment
Some data is historic — Al forecasting




832 possible applications of which 83 implemented

! 5 . S Q . :
- - d(\ “\@ O:d of LR O S D /b" < & i 8
application S S 8 S F P x & \@0@
& © &

©
60 2 <(\9 b{’ e\)
7 3¢ $

S I
Carbon Neutral City
Smart City
Innovations & Products
Services & Workflows
Web Services
Business
Education & Research
[City] Marketing
Tourism & Navigation
City Events
Communication & Interaction
§ Planm.ng possible use
[Smart] Traffic & Transportation ;
. i implemented use
Building & Infra Design
Project Planning
Microclimate
Building Permissions
Decision Making

7
O
7
S
©

0

e
o
©
|
o

[Project] Management
Construction

Asset Management
Maintenance

[Telel Networks & Lightning
Exceptional Situations
Rescue & Safety

Source: Exhibitions
City of Helsinki 3D experts




PRODUCTION

Demographics 3D model
Environment Culture
Education Construction
Household stats Jobs
Infrastructures Pop surveys
Tourism Pub registries

EXTRACTION

Mobility
Maintenance
Energy usage

Health
Governance

Traffic model

nudges Property
management

Targeting
ML buildings
marketplace

Migration
Ownership
Income Data gathering
Tenders Digitalisation

Photo archive

Ortographoto HarmOnisatiOH

Real Estate
Speculation

Location
engines

Rapid
relocations
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It’s how you 1 use it that will build the

reutatlon of you our coan

Private parcel price (€/m2) [33012]
1,4 - 10,0 [2684]
10,0 - 20,0 [19119]
20,0 - 30,0 [7134]
30,0 - 40,0 [506]
2 - » 40,0 - 50,0 [1445]
e W e 50,0 - 60,0 [108]
Pub: 38 1 S 60,0 - 70,0 [165]
‘ 70,0 - 80,0 [5]
80,0 - 90,0 [62]
I 90,0 - 100,0 [19]
[ 100,0 - 200,0 [1349]
B 200,0 - 300,0 [263]
I 300,0 - 400,0 [64]
I 400,0 - 500,0 [63]
I 500,0 - 1000,0 [23]
I 1000,0 - 1628,4 [2]
Public parcel price (€/m?2) [6210]
0 - 5 [4001]
5-10 [656]
, \ ~ : : _ 10 - 20 [594]
Tonlsmae 4 i 2 . A
ALL: 108 & 6 : - > : < : 20 - 30 [315]
' & , 30 - 40 [285]
40 - 50 [165]
50 - 60 [6]
60 - 70 [13]
o ‘ [ 70 - 80 [3]
dLi [ 80 - 90 [62]
| Veerenn B 90 - 100 [0]

~ % Juhkentali
ALL: 20
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through digital engagement

CHAOS crowd

Your city reimagined!
CHAOS architects Oy

Free

2 Available on the

s App Store

GETITON

» Google Play

CHAOS

Survey title

CHAOS e ¢

\‘/J

29 Novenber 2017

trespassing

What she
trees at t

CHAOS

o
he

CHAOS

®

uld be.
e Churct

A\

Other elements to prevent

done to

h Yard?

What should be done
t c

rees at the Church Y:

to
ard?




Let cities store the data



Who is collecting data?

Collector for ArcGIS

Collector - .
for ArcGIS




Who is collecting data?

CODE/
AFRICA

Ham(0p]
: 270
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LAB.EDU.VIZ
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Code for Africa

CODE/ =y
AFRICA &*

© Africa @

Africa’s Largest Civic Technology + Open Data + Data Journalism Initiative

Bl Repositories 153 Packages

People 2

= icaorg | Verified

Projects

Grow your team on GitHub

Dismiss

GitHub i home to over 40 million developers working together. Join them to grow your own
development teams, manage permissions, and collaborate on projects.

Pinned repositories

[J HealthTools.KE-theStarHealth

HealthTools is a suite of data-driven web and
SMs-based tools that help citizens check
everything from medicine prices and hospital
services, to whether their doctor is a quack or not.
The toolkit

Javascript %17 Y15

[J sourceAFRICA
Forked from documentcloud/documentcloud

sourceAFRICA is the continent's largest repository
of documentary evidence and other "actionable
documents" from investigative journalists and civic
watchdogs. Forked from DocumentCloud.org, and
bu...

@Ry K6 Y5

[ sonoe

£ GotToVote

GotToVote is a toolkit of simple web and SMS
services that help citizens get to the ballot box
informed and ready to vote. Kenya version
accessible at https://kenya.gottovote.cc

Javascript %120 ¥ 69

[J GenderGap.AFRICA

GenderGap.AFRICA is a tool designed to help
users calculate the gender pay gap in any African
country. Accessible at africa

[ openAFRICA

OpenAFRICA aims to be largest independent
repository of open data on the African continent.
This repo contains the primary deployment scripts
and files. Accessible at https://openafrica.net/

@Dockerfile k9 ¥a

[ africanCOMMONS

africanCOMMONS is a platform to showcase re-
useable tools built across Africa and the people &

Javascript k3 Y2

building them. Accessible at
https://commons.africa/

JavaScript %12 ¥7



spinunit.gitlab.io/turku/



Keep it simple



What type of data?

Space

Hillier & Hanson - Mike Batty -
Aldo Rossi - Caniggia & Maffei
- Lesley Martin - Kevin Lynch -
Andres Sevtsuk - Sergio Porta

Measuring city form and
accessibility

Activities

Jane Jacobs - Christopher
Alexander - Jan Gehl - Henri
Lefebvre - Alberto Perez Gomez
- Daniele Quercia

Measuring supply and variety
of services and activities

Values

Lav Manovich - Howard Gardner -
Richard Sennett - Shannon
Mattern -» Aaron Renn - Walter
Benjamin - Richard Florida

Measuring social, cultural
and economic values



The millennial's paradigm

of data driven planning

Data empowers Data empowers

decision makers organisers
ill i

Open your dataset or have local activists work with you. They have
different values, they will find useful applications



How to work with data

DATA ENGAGEMENT
1_Thematic research 4 _ Digital surveys
2 _Data analysis 5__Workshops

3 _Data viz 6 _Outreach

Artificial Intelli

QUESTIONS /CORR

gence Collective Intelligence
S LATIONS| CAUSATIONS /INSIGHTS

FORESIGHT

7_Policy brief
8 _Strategy
9_Impact

Expert Intelliﬁence



Damiano Cerrone
@damianocerrone Follows you

Urbanist | Director at @SPINUNIT | Pl at @terreformur |
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